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Leaky RelU Activation Function
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f(z) = x ifz >0,

axr otherwise.
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keras.layers.advanced_activations.PRelLU(weights=None,alpha_initializer="zero")

<keras.layers.advanced_activations.PRelLU at 8x2298517¢608>
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x if x > 0,
a(e® —1) otherwise,

f(x) =
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tf.keras.layers.ELU(alpha=1.8)

<tensorflow.python.keras.layers.advanced_activations.ELU at ex22985181f@s>
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softsign(x) = x / (abs(x) + 1)
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